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Mining the Voice of the Customer

Handling of Customer Care Notes (CCN)
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Textual Analytics: From Word Counts to Co-

Occurrence Patterns
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Textual Analytics: From Word Counts to Co-

Occurrence Patterns

Pick-up failed Broken drill
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Visualizations versus Statistical Tables
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Visualizations versus Statistical Tables
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Drilling Down to Root Causes

Topic 13 over time
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Drilling Down to Root Causes

pick-up failed

Topic 13 per customer class over time
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Looking Beyond




| essons Learned

Position text analytics in business units, not IT
O dataset, mindset, toolset, skillset

Learn the basics of text analytics by analyzing the past
O By-product: quality evaluation of existing data

Move eventually toward real-time monitoring of textual data
streams

O integration and interoperability of systems

Embed textual analytics into operational business processes
O To what extent are we willing to let technology take over?



Our Text Mining Tool

www.MineMyText.com
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Using Text Analytics to Derive Customer
Service Management Benefits from

Text Mining For Information Systems Researchers: An Unstructured Data

Annotated Topic Modeling Tutorial

Deriving value from structured data (s now co
textual data, however, remains mostly untapped and often unrecognized. This article

nonplace. The value of unstructured

Stefan Debortoli Oliver Muller
University of Lischienstain IT University of Copenhagen dieseribes the text analytics journeys of three srganizations (n the customer servi
Institute of Information Systems Information Management Section management area, Based on their experiences, we provide four lessons that can guide
Vaduz, Lischtenstein Copenhagen, Denmark ather organizations as they embark on their text analytics journeys.
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Analysts have estimated that more than B0 percent of 10day's data i Stored in UNSIUCIIed fom (©.0., 16X, audo, [Licchtenstein) [Liechtenstein)
image, video)—much of it expressed in rich and ambiguous natural language. Tradiionally, to analyze natural
language, one has used qualitalive dala-analysis approaches, such as manual coding. Yel, the size of text data ssts <
obtained from the Intemet makes manual analysis virtually impossible. In this tutorial, we discuss the challenges. The Growth of Text Analytics

encountered when applying automated text-mining techniques in information systems research. In particular, we
showecase how to use probabilistic topic modeling via Latent Dinchlel allocation, an unsupenvised lext-mining
technique, with a LASSO mullinofmial l0gisUc regression 1o explain user salistaction with an IT arifact by automatically structured data, which is tidy and nsastly nume
analyzing more than 12,000 online cusiomer reviews. For fellow information systems researchers, this tutoral mstrecised - dota. conprbnes da
provides guidance for conducting text-mining studies on thaeir own and for evaluating the quality of others.
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